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Clustering Ensemble Using a Novel Feature Space

Monireh Abdoos, Javad Azimi, Alireza Saberi, Morteza Anal oui
Computer Engineering Department- Iran University of Science and Technology

Abstract

Clustering Ensemble is combination of the results of multiple clustering algorithms to achieve more accurate
clusters. Clustering Ensembles have emerged as a powerful method for improving both the robustness and the stability
of the results. In this paper, we propose a new method based on generating a new feature space. In this method, new
features are created by using the output results of the initial clustering algorithms. The results of the initial clustering
algorithms are modeled by a complete weighted graph. New feature space is created by applying a greedy method that
is introduced for graph spanning and tree generating. The new feature space has a property that differentiates the
samples of each cluster. In this paper, we study the results of the proposed method on Iris, Wine, Thyroid and Soybean.
Experimental results show the fast convergency and good behavior of the proposed method by increasing the ensemble
size

Keywords
Clustering ensembles, Initial clustering algorithm, complete weighted graph, graph spanning, new feature space.
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