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Tagging Without Sequence Information
Baseline

Three Words

Model

Features | Token Unknown Sentence
Baseline 56,805 93.69% 82.61% 26.74%
3Words 239,767 | 96.57% 86.78% 48.27%

Using words only in a straight classifier works as well as a

basic (HMM or discriminative) sequence modelll
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Fortune sides with him who dares.
Shift, LA compound, Shift, Shift, LA case, RA nmod, Shift
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Gold: Parsed:

Index head word label index head word label

1 2 Fortune compound 1 2 Fortune compound
2 0 sides ROOT 2 0 sides ROOT

3 4 with case 3 5 with case

4 2 him nmod 4 3 him nsubj

5 6 who  nsubj 5 5 who  nmod

6 2 dares aclrelcl 6 2 dares ccomp
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Human 1: Water spinach is a green leafy vegetable grown in the
tropics.

Human 2: Water spinach is a commonly eaten leaf vegetable of
Asia.

System answer: Water spinach is a leaf vegetable commonly
eaten in tropical areas of Asia.
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