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“At last, a computer that understands you like your mother”

1- It understands you as well as your mother understands you
2- It understands (that) you like your mother
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i want to eat chinese food Ilunch spend
i 5 827 0 9 0 0 0 2
want 2 0 608 1 6 6 5 1
to 2 0 4 686 2 0 6 211
eat 0 0 2 0 16 2 42 0
chinese 1 0 0 0 0 82 1 0
food 15 0 15 0 1 4 0 0
lunch 2 0 0 0 0 1 0 0
spend 1 0 1 0 0 0 0 0
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i want to  eat chinese food lunch spend
2533 927 2417 746 158 1093 341 278
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P(i | <s>) = 0.25, P(</s> | food) = 0.68
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<s> | want chinese food </s> (.l

<s> | want to eat chinese food </s> (
<s> i want to spend food </s> (
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count (<s>A) =2
count (<s>B) =1
count (<s>C) =2
count (<s>D) =0

count (AA)=0
count (AB)=5
count(AC)=1
count (AD) =4
count (A</s>) =1



count(BA)=0
count(BB)=0
count(BC) =6
count (BD) =2
count (B </s>)=0

count (CA)=6
count(CB) =1
count (CC)=0
count (CD)=8
count (C</s>) =1

count (D A) =3
count(DB)=1
count(DC)=7
count(DD) =1
count (D </s>)=3

count (<s>) =5
count (A) =11
count (B) =8

count (C) =16
count (D) =15

wlos,S Jlaen OOE turing s, a1, ol 5 ools (3j900 ools (sacgome ol (59, SU) Jae S
alolalaz 4y 351y Lh 5 £9,0 SLST) S ol BCABA Galox s, 1) Joo orl (SS e
(oles

Edit Distance iz

I, COOrecCt 4 COIrect saols o5 oo alignment 5 alols Levenshtein oo o3 5l oolaewl b -

Spelling Correction sy

Spe JUE Jow 5l eolaiul b g mlosls jaseid oMl lale G (lgic 4y 1, ACIESS saolS 0uS™ 5,8 -)

AolS plaS s (Al |y Cow o (s4elS udlys o w08 9] s 4 5 Jgas Shge 4 as Sledlbl g



Candidate Correct Error P(xlword) P(word)
Correction Letter

actress clet .000117 .0000231
cress - a al# .00000144 .000000544
caress ca ac aclca  .00000164 .00000170
access c T rlc .000000209  .0000916
across 0 e elo .0000093 .000299
acres - S esle .0000321 .0000318
acres - S ss|s .0000342 .0000318
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Training 1 Chinese Beijing Chinese

2 Chinese Chinese Shanghai o

3 Chinese Macao C

4 Tokyo Japan Chinese j
Test 5 Chinese Chinese Chinese Tokyo Japan ?
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fl(c, d) = [c = PERSON A w-1 = “Mrs.” A 1sCapitalized(w)]
f2(c, d) =[c = LOCATION A startsWith(w, "A") ” startOfSentence(w-1)]
f3(c, d) =[c = VERB A endsWith(w, "ed")]
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In Shiraz, Mrs. Sue viewed Pasargad last year.
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(S
(NP-SBJ (DT The) (NN move))
(VP (VBD followed)
(NP
(NP (DT a) (NN round))
(PP (IN of)
(NP
(NP (3J similar) (NNS increases))
(PP (IN by)
(NP (JJ other) (NNS lenders)))
(PP (IN against)
(NP (NNP Arizona) (JJ real) (NN estate) (NNS loans))))))
()
(S-ADV
(NP-SBJ (-NONE- *))



(VP (VBG reflecting)
(NP
(NP (DT a) (VBG continuing) (NN decline))
(PP-LOC (IN in)
(NP (DT that) (NN market)))))))
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S —NP VP 1.0
VP ->VNPPP X1
VP —V NP 05
NP —NP NP 0.2
NP —N 0.6
NP —NP PP X2
PP —P NP X3
N —people 0.4
N —fish 0.3
N —tanks X4
N —rods 0.1
V —people 0.2
V —fish 0.6
V —tanks X5
P —with 1.0
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NP
N VP
cats Vv NP
scratch N
people

S —NP VP (1.0)

VP

with

NP
PP N Y
NP cats  scratch
NP PP
N P NP
cats  with N
claws

VP
NP
NP PP
N P NP
people with NP PP
N P NP
cats with N

claws
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NP — N (0.3) NP —N (0.5) NP —»NP PP (0.2)
N —-cats (0.4) N —people (0.5) N —claws (0.1)
VP —-VP VP (0.3) VP -V NP (0.7)

PP —P NP (1.0)
V —scratch (1.0)
P —with (1.0)

NP — NNS NP
NP — NNS NNS
VP — VB PP

PP — IN

VP — VB NP
NP — NNS PP
NNS — takes
VB — takes

PP — up

IN — up
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0.003
0.015
0.042
0.004
0.032
0.01
0.0041
0.002
0.3
0.0114

1S B 5o 1) py Giled -7



NNS — up
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PUNC

2 NPREMOD
12 SBJ _
12 ADV -~
3 POSDEP

4 MOZ B
5 MOZ -~
6 MOZ -~
5 NPP B
8 POSDEP

9 NPOSTMOD _
12 NVE _
0 ROOT

12 PUNC
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Shlft, LA Compound, Shlft, Shlft, LA cases RA nmod; Shift
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ROOT She saw the video lecture

0 1 2 3 4 5
Gold Parsed
1 2 She nsubj 1 2 She nsubj
2 0 saw root 2 0 saw root
3 5 the det 3 4 the det
4 5 video nn 4 5 video nsubj
5 2 lecture dobj 5 2 lecture ccomp
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standard

/\

medium of exchange scale
currency money Richter scale
coinage fund
coin budget

/N

nickel dime



